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Abstract— The best salespeople are individuals who are not only able to meet or exceed sales targets, but also demonstrate exceptional
skills in building relationships with customers, understanding their needs, and offering effective solutions. The problem of selecting
the best salespeople often involves the challenge of an objective and fair assessment, as diverse evaluation criteria can affect the final
result. One of the main obstacles is the presence of subjectivity in judgment, which can arise from personal preferences or pressure to
maintain good relationships. This study aims to implement a sales performance evaluation model that combines the Reciprocal Rank
Weighting and Multi-Attribute Utility Theory (MAUT) methods to obtain a more accurate and objective assessment of sales
performance. This research contributes to the management literature and decision support systems by offering a new approach in sales
performance evaluation. This opens up opportunities for further research and practical applications in the field of performance
evaluation and salesforce management. Based on the final score calculated using the MAUT method, the salesperson rank from best
to lowest is as follows: Sales 7 is ranked top with a value of 0.646, indicating the best overall performance. Sales 3 followed in second
place with a value of 0.6125, followed by Sales 9 with a value of 0.5604 in third position.
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1. INTRODUCTION

The best salespeople are individuals who are not only able to meet or exceed sales targets, but also demonstrate
exceptional skills in building relationships with customers, understanding their needs, and offering effective solutions.
They typically have excellent communication skills, keen negotiation skills, and a proactive attitude in seeking out new
opportunities. In addition, the best salespeople often have a deep understanding of the products or services they offer, as
well as being able to adapt quickly to market changes. With a strong combination of technical and interpersonal skills,
they play a key role in increasing the company's revenue and building long-term customer loyalty. The selection of the
best sales is a critical process in human resource management that aims to identify the individuals with the most superior
sales performance. This process involves a thorough assessment of various aspects, such as achieving sales targets, the
ability to build and maintain customer relationships, and skills in negotiation and problem-solving. In addition, factors
such as innovation in sales strategies and contributions to team development are also taken into account. By using
systematic and data-driven evaluation methods, companies can ensure that the best sales selection decisions are based on
objective performance and potential long-term contributions, thus supporting the achievement of the company's overall
goals. The problem in selecting the best sales often involves the challenge of an objective and fair assessment, as diverse
evaluation criteria can affect the final result. One of the main obstacles is the existence of subjectivity in judgment, which
can arise from personal preferences or pressure to maintain good relationships. Additionally, the data used for evaluation
is often incomplete or inaccurate, making it difficult to make consistent comparisons between candidates. Limitations in
performance measurement systems can also result in incomplete assessments, not covering all the important aspects of
the sales role. Addressing this issue requires the implementation of transparent and data-driven evaluation methods, as
well as adequate training for the assessing party to ensure fair and accurate decisions.

The Multi-Attribute Utility Theory (MAUT) method is an approach used in complex multi-criteria decision-
making, where various relevant attributes or factors must be considered[1][2][3][4]. MAUT helps decision-makers to
evaluate and compare existing alternatives by assigning utility values to each attribute. These utility values reflect the
decision maker's preference for each attribute, which is then combined into the total utility score for each alternative.
Using MAUT, decision-makers can objectively determine the alternatives that best suit their goals and preferences based
on a systematic and structured analysis. This method is often used in a variety of fields, including economics,
management, and engineering, to aid in optimal decision selection. The advantage of the MAUT method lies in its ability
to handle decision-making involving many criteria in a systematic and transparent way. MAUT allows decision-makers
to explicitly express their preferences for a variety of different attributes, thus giving appropriate weight to each criterion
based on its importance. In addition, this method can accommodate uncertainty in judgment by using utility functions
that reflect the level of satisfaction or risk of each choice[5][6]. MAUT also has the flexibility to be applied in various
decision contexts, ranging from business to engineering, and is able to provide comprehensive and easy-to-understand
results. The integration of subjective and objective preferences in the decision-making process makes MAUT an effective
tool to produce optimal solutions. While Multi-Attribute Utility Theory (MAUT) offers many advantages, it also has
some disadvantages. One of its main drawbacks is the complexity of determining the exact utility function for each
attribute, which can be difficult and time-consuming, especially if it involves many criteria and alternatives. This process
also requires intensive participation from the decision-maker, who must have a good understanding of his or her own
preferences, something that is not always easy or obvious. In addition, MAUT is highly dependent on the quality and
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accuracy of input data, so errors in judgment or weighting can result in less than optimal decisions. These methods also
tend to be subjective, as individual preferences can vary widely, which may lead to different results if used by different
decision-makers.

The Reciprocal Rank weighting method is a technique used to determine the relative weights of various criteria in
multi-criteria decision-making[7][8]. In this method, the criteria are ranked according to their level of importance, with
the most important criteria being ranked at the top. The weight for each criterion is then calculated by inverting its ranking,
so that the highest-ranked criterion gets the most weight. After that, these weights are normalized so that the total number
is 1. The Rank Reciprocal method is simple and easy to implement, and provides an intuitive way to incorporate the
subjective preferences of decision-makers into the assessment process, facilitating a more objective and structured
analysis[9][10]. The advantage of the Reciprocal Rank weighting method lies in its simplicity and ease of application.
This method does not require complex calculations, so it can be used quickly by decision-makers even with time or data
constraints. By reversing the ranking of criteria into weights, this method automatically gives higher priority to more
important criteria, without the need for explicit weight grading, which is sometimes difficult to do. In addition, the Rank
Reciprocal method maintains consistency in the weight distribution, as the weight is given in proportion to the criterion
ranking[11]. Its flexibility and transparency make it suitable for a wide range of decision-making situations involving
multiple criteria, especially when detailed quantitative data is not available.

The combination of the Reciprocal Rank weighting method and the MAUT method offers a powerful approach to
multi-criteria decision-making. By combining these two methods, decision-makers can efficiently determine the weight
of the criteria using Rank Reciprocal, which gives weights based on the importance rating of the criteria, and then apply
MAUT to evaluate and combine the utility values of each alternative based on the predetermined weights. This process
allows for a more structured and transparent analysis, as proportionally determined weights are used to measure the utility
of each alternative more objectively. This combination is particularly effective in situations where subjective preferences
must be integrated with a comprehensive utility analysis, resulting in optimal decisions and in accordance with the
decision-maker's objectives. The combination of Rank Reciprocal and MAUT weighting methods provides flexibility in
dealing with a variety of complex decision-making situations. The result is a balanced approach between efficiency and
accuracy, where decisions can be made taking into account the weighting of the appropriate criteria and a detailed
evaluation of each available option. This approach is particularly suitable for use in a variety of contexts, such as project
management, supplier selection, or business strategy selection, where decisions must be made taking into account many
interrelated factors.

The research conducted by Edinsel (2023) explores how the Multi-Criteria Decision Making (MCDM) method
can be used to select the best sales manager. The methods used include the Analytic Hierarchy Process (AHP) and the
Technique for Order Preference by Similarity to Ideal Solution (TOPSIS). The results show that MCDM can help increase
objectivity in decision-making and choose the sales manager that best suits the company's needs[12]. Research conducted
by Hadad (2024) combines the Pairwise Relative Criteria Importance Assessment (PIPRECIA) and Measurement of
Alternatives and Ranking According to Compromise Solution (MARCQOS) to form a holistic approach that is effective in
decision-making[13]. Research conducted by Azmi (2023) The merger of Fuzzy Logic, EDAS, and Borda methods results
in an effective decision-making process that allows retail sellers to make the right decisions and achieve their business
goals[14]. The research was conducted by Setyowati (2023) a website-based decision support system that aims to assist
company leaders in selecting the best sales in their company using the Multi-Objective Optimization on the basis of Ratio
Analysis (MOORA) method[15]. The difference with the research conducted is that in this study a combination of
reciprocal and MAUT rank weighting methods are used to determine the best salesperson.

This study aims to implement a sales performance evaluation model that combines the Reciprocal Rank Weighting
and Multi-Attribute Utility Theory (MAUT) methods to obtain a more accurate and objective assessment of sales
performance. This research contributes to the management literature and decision support systems by offering a new
approach in sales performance evaluation. This opens up opportunities for further research and practical applications in
the field of performance evaluation and salesforce management.

2. RESEARCH METHODOLOGY

2.1 Research Stages

The research framework provides systematic and structured guidelines for companies in selecting the best sales
objectively and effectively[16][17]. With this innovative combination of methods, companies can more fairly and
accurately determine the weight of assessment criteria, and make more informed decisions based on a variety of relevant
attributes. In addition, this research also contributes to the development of theories and methods in the field of multi-
criteria decision-making, so that it can be used as a reference for other researchers in the context of employee selection
or other strategic decision-making. The framework of the research made is shown in Figure 1.
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Figure 1. Research Stage

The research stages in figure 1 consist of several stages that are carried out, namely the data collection stage begins
by identifying relevant data sources, such as sales performance assessment results, sales data, customer feedback, and
other information that can affect the evaluation. This data can be obtained through various methods, such as surveys,
interviews, observations, or from existing company management systems. It is important to ensure that the data collected
includes all the criteria that have been set to assess sales performance, so that the evaluation results can later be more
accurate and comprehensive. Once the data is collected, the next step is to assign weights to each scoring criterion using
the Reciprocal Rank Weighting Method. This method gives weight by flipping the ranking of each criterion, so that the
criteria with a higher rating get a lower weight, and vice versa. This technique helps to reduce subjectivity in weighting,
ensuring that the weighting of criteria is carried out proportionally based on their importance in the overall evaluation.

Once the criteria weights are determined, the next step is to apply Multi-Attribute Utility Theory (MAUT) to
evaluate sales performance. In this stage, each salesperson is assessed based on predetermined criteria, taking into account
the weight generated from the Reciprocal Rank Weighting Method. MAUT allows the calculation of the utility of each
alternative (in this case, sales) by combining various attributes or criteria into a single aggregate value. The end result is
the ranking of each sales based on their total utility value. After the implementation of MAUT, the final result in the form
of a list of the best sales rankings will be obtained. This result reflects how well each sales person meets the criteria that
have been set, based on the previously calculated weights. With the results of this implementation, companies can make
more precise and measurable decisions in choosing the best sales, as well as gain insight into which aspects need to be
improved in the future.

2.2 Rank Reciprocal Weighting Method

The Rank Reciprocal Weighting Method is a weighting technique used in multi-criteria decision-making[8][11]. This
method weights the criteria based on their rankings by using the inverse of those rankings. The advantages of this method
are its simplicity in application as well as its ability to reduce subjectivity in determining the weight of criteria. Since the
weight is determined proportionally based on the ranking, this method ensures that the criteria with higher importance
get the greater weight fairly. This method is particularly suitable for use in situations where the weight of the criteria
needs to be done quickly and does not require complex calculations. The reciprocal rank is calculated using the following
equation.

1

w; = J 1
T )

w; is the weight of criterion, and j is the rank of criterion.

2.3 Multi-Attribute Utility Theory Method

Multi-Attribute Utility Theory (MAUT) is a method in decision-making that is used to evaluate various alternatives based
on several criteria or attributes[3][18]. MAUT allows decision-makers to combine the values of each attribute into a single
overall utility measure, which represents the most desirable preference or value of the available alternatives. In MAUT,
each attribute is weighted based on its importance, and alternatives are evaluated based on how well they meet each of
those attributes. This method is very useful in situations where decision-making must consider many different factors and
provide a rational and optimal solution. The Decision Matrix in MAUT is a tabular representation that shows the
relationship between alternatives and criteria. This matrix contains the score or value assigned to each alternative based
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on each criterion. This matrix is the basis for calculating the total utility value for each alternative. The decision matrix is
created using the following equation.

X11 X21 Xm

X X X
x=|p 2 @

X1m Xom Xnm

Normalization of the decision matrix is necessary to convert the values of various criteria into a uniform scale,
usually between 0 and 1, in order to be fairly compared. There are several commonly used normalization methods, but
the most common is linear normalization, where the values of each element in the decision matrix are normalized based
on a specific formula depending on the type of criteria (profit or cost). The normalization of the decision atriks is made
using the following equation.

mlnxl]_xl]

*
rij - 1 + maxxij—minxij (3)
= Xjj—min x;j (4)

Y maxx;j-min x;;

Equation (3) is used to calculate the normalization value of the cost criterion, and equation (4) is used to calculate
the normalization value of the benefit criterion.

Utility value is a metric used in decision-making to assess and compare various alternatives based on normalized
criteria. This value reflects the level of preference of decision-makers towards different alternatives, with higher values
indicating a greater level of preference. The utility value is calculated using the following equation.

= i) ) (5)

1.71

The final value of the utility in the context of Multi-Attribute Utility Theory (MAUT) is calculated by combining
the weight of the criteria with the normalized value that has been calculated for each alternative. The total utility value
for each alternative indicates how well the alternative meets all the existing criteria. The final value of the utility is
calculated using the following equation.

Uy = Lj=1 Uij * Wj (6)

The utility value of this criterion shows the contribution of each criterion to the total utility value for each
alternative. This value reflects how well the alternative meets each criterion, after considering the importance of each
criterion through predetermined weights.

3. RESULT AND DISCUSSION

The study on Best Sales Selection Using a Combination of Reciprocal Rank Weighting Method and Multi-Attribute
Utility Theory aims to identify the best sales by integrating two key evaluation methods. The Reciprocal Rank Weighting
method is used to give weight to various criteria based on their relative rank, where the higher the rating criterion gets
more weight. Then, Multi-Attribute Utility Theory (MAUT) is applied to evaluate and compare alternatives based on the
weight of predetermined criteria, as well as the normalization score of each alternative. This approach allows for more
objective and structured decision-making, by measuring sales performance comprehensively and based on clear
preferences, resulting in more accurate recommendations for choosing the best salesperson. By combining the Reciprocal
Rank Weighting and Multi-Attribute Utility Theory methods, the study not only ensures that the criteria are weighted
fairly according to their relevance, but also that the evaluation is carried out systematically taking into account various
important attributes. Reciprocal Rank Weighting helps in prioritizing criteria based on relative rankings that reflect the
significance of each in the selection process. Meanwhile, MAUT integrates the criterion weights with the normalization
value to objectively calculate the total utility of each alternative. This approach results in an in-depth and comprehensive
analysis, allowing for sales selection that not only optimally meets the criteria but also reflects the organization's strategic
preferences. The result is more effective and impactful recommendations in sales selection, which can improve the
efficiency and performance outcomes of the sales team.

3.1 Data Collection

Data collection is an important initial stage in the evaluation process using the Multi-Attribute Utility Theory (MAUT)
and Reciprocal Rank Weighting methods. This stage involves gathering the necessary information to determine the
criteria to be used in the evaluation as well as the relevant data for each criterion. In selecting the best sales, several
criteria that are generally used to assess the performance and potential of potential sales include various aspects that affect
sales success.

1. Monthly Sales: Measures the volume of sales generated by a salesperson in a monthly period.
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2. Customer Satisfaction: An assessment of the level of customer satisfaction served by sales, often measured through
surveys or customer feedback.

3. Presentation Skills: The ability to deliver effective and convincing sales presentations.

4. Product Knowledge: The level of knowledge that sales have about the product or service they are selling.

5. Communication Skills: Ability to communicate.

Sales Performance Assessment Data Collection is an important process in evaluation to determine sales
performance effectively. This stage involves gathering relevant and accurate information about various aspects of sales
performance for an objective and comprehensive assessment. The process of collecting sales performance appraisal data
will be more structured, ensuring that the information used for evaluation is complete, accurate, and reliable. This will
improve the quality of decisions in selecting and managing the best performing sales. The results of the salesperson
performance assessment are displayed in Table 1.

Table 1. The Results Of The Salesperson Performance Assessment

Salesperson Monthly Customer Presentation Product Communication
Name Sales Satisfaction Skills Knowledge Skills
Salesperson 1 8 9 7 8 9
Salesperson 2 7 8 9 7 8
Salesperson 3 9 7 8 9 7
Salesperson 4 6 9 6 8 8
Salesperson 5 8 8 9 7 7
Salesperson 6 7 7 8 6 9
Salesperson 7 9 8 7 9 8
Salesperson 8 6 6 8 7 7
Salesperson 9 8 9 9 8 8

The assessment data from each salesperson in table 1 will be used in the selection of the best salesperson using the
recoprocal rank weighting method and the MAUT method.

3.2 Weight Determination Using the Reciprocal Rank Method

Weight Determination Using the Reciprocal Rank Method is the process of assigning weight to various criteria based on
their relative rank. This method allows for fair weight determination by converting criterion rankings into weight values
using the concept of reciprocal rank. The weight of the criteria is calculated using equation (1).

= 1
Jj1 1 1
wy = = =——=0.438
1 41€41€41€41€41 1111111{1 2.283
J1 J2 J3 Ja Js 123 45
2 3 0.5
j2 2 :
w, = = =——=0.219
2 41€41€41€41€41 1111111{1 2.283
J1 J2 J3 Ja Js 123 45
1 1
_ Jj3 _ 3 0333 _
W3=7T—71 1 1 1—11111—_—0-146
—+—+—+—+— —t-t-t++= 2.283
J1 J2 J3 Ja Js 123 45
1 1
— Jja _ 4 _ 025 _
Woy=7T 71T 1 1T 1T - T 1111 =0.109
—+—+—+—+— —t-t-t++= 2.283
J1 J2 J3 Ja Js 123 45

J1 2 J3 ja s 123 45

Monthly Sales Criterion (0.438): Has the highest weight because it is considered the most important criterion in
sales evaluation. This weight reflects a significant emphasis on the volume of sales generated. Customer Satisfaction
Criterion (0.219): This weight shows the importance of customer satisfaction as an indicator of sales performance. This
criterion is the second priority after monthly sales. Presentation Skills Criteria (0.146): This weight reflects the importance
of presentation skills in the sales process. While important, this criterion has a lower weight compared to sales and
customer satisfaction. Product Knowledge Criterion (0.109): This weight indicates the importance of product knowledge
in sales performance. This criterion is an important factor but not as heavy as sales or customer satisfaction.
Communication Skills Criteria (0.088): Has the lowest weight, but is still relevant in the overall assessment.
Communication skills remain important, but are considered less important compared to the other criteria in this evaluation.
This weight will be used in the analysis to evaluate sales performance based on predetermined criteria, taking into account
how well they meet each of the criteria that have been assessed.

3.3 Selection of the Best Salesperson Using the MAUT Method
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Selecting the Best Salesperson Using the MAUT (Multi-Attribute Utility Theory) Method involves evaluating and ranking
salespeople based on various criteria with a structured approach. The Decision Matrix in MAUT is a tabular representation
that shows the relationship between alternatives and criteria. This matrix contains the score or value assigned to each
alternative based on each criterion. This matrix is the basis for calculating the total utility value for each alternative. The
decision matrix is created using the following equation (2).

9 7 8 9

S

[e)WecILN BeoINoILN [oo]
[esERNNeecliNelNe NeoliNe]
NOO 30O
N [coRNoRRN liocIN [eo]

OO O N0
I

9 9 8

Matrix Normalization Value Calculation is an important step in the evaluation process using the MAUT method,
to ensure that all data are on the same scale so that they can be fairly compared. Matrix normalization is calculated using
equation (4) because all criteria are beneficial.

X117 — MinXxgq 49 8—6

=0.667

Tl*l = - =
maxXyq19 — MiNXy119 9—6

The results of the normalization calculation show that the performance value of each salesperson has been
standardized to facilitate a fair comparison between the criteria as shown in table 2.

Table 2. The Results Of The Normalization Calculation

Salesperson Monthly Customer Presentation Product Communication
Name Sales Satisfaction Skills Knowledge Skills
Salesperson 1 0.667 1 0.333 0.667 1
Salesperson 2 0.333 0.667 1 0.333 0.5
Salesperson 3 1 0.333 0.667 1 0
Salesperson 4 0 1 0 0.667 0.5
Salesperson 5 0.667 0.667 1 0.333 0
Salesperson 6 0.333 0.333 0.667 0 1
Salesperson 7 1 0.667 0.333 1 0.5
Salesperson 8 0 0 0.667 0.333 0
Salesperson 9 0.667 1 1 0.667 0.5

Utility value is a metric used in decision-making to assess and compare various alternatives based on normalized
criteria. This value reflects the level of preference of decision-makers towards different alternatives, with higher values
indicating a greater level of preference. The utility value is calculated using the following equation (5).

_e((i)?) —1_e((0.667)) ~ 1
Y=g T 1.71

The results of the Utility value show that the performance value of each salesperson has been standardized to
facilitate a fair comparison between the criteria as shown in table 3.

Table 3. The Results Of The Utility Value

=0.3273

Salesperson Monthly Customer Presentation Product Communication
Name Sales Satisfaction Skills Knowledge Skills
Salesperson 1 0.3273 1.0048 0.0687 0.3273 1.0048
Salesperson 2 0.0687 0.3273 1.0048 0.0687 0.1661
Salesperson 3 1.0048 0.0687 0.3273 1.0048 0
Salesperson 4 0 1.0048 0 0.3273 0.1661
Salesperson 5 0.3273 0.3273 1.0048 0.0687 0
Salesperson 6 0.0687 0.0687 0.3273 0 1.0048
Salesperson 7 1.0048 0.3273 0.0687 1.0048 0.1661
Salesperson 8 0 0 0.3273 0.0687 0
Salesperson 9 0.3273 1.0048 1.0048 0.3273 0.1661
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The final value of the utility in the context of Multi-Attribute Utility Theory (MAUT) is calculated by combining
the weight of the criteria with the normalized value that has been calculated for each alternative. The total utility value
for each alternative indicates how well the alternative meets all the existing criteria. The final value of the utility is
calculated using the following equation (6).

Uy =(Ugg * wy) + Uy * wy) + (Wyz *w3) + (Ugg *Wy) + (Ug5 * W)
Ucq) =(0.3273 * 0.438) + (1.0048 * 0.219) + (0.0687 * 0.146) + (0.3273 = 0.109) + (1.0048 = 0.088)
Uy = 0.4975
The results of the final utility value show that the performance value of each salesperson as shown in table 4.
Table 4. The Results Of The Final Utility Value

Salesperson Name Final Utility Value

Salesperson 1 0.4975
Salesperson 2 0.2706
Salesperson 3 0.6125
Salesperson 4 0.2703
Salesperson 5 0.3692
Salesperson 6 0.1814
Salesperson 7 0.6460
Salesperson 8 0.0553
Salesperson 9 0.5604

The final value of the MAUT (Multi-Attribute Utility Theory) method is a comprehensive result of utility
evaluation and calculation based on criteria that have been normalized and weighted. Once the data is normalized for each
criterion, these values are multiplied by the weights of their respective criteria to produce a weighted utility score. These
scores are then summed up for each alternative, providing a final score that reflects overall performance in the context of
all evaluation criteria. This final score allows for objective comparisons between alternatives and facilitates decision-
making by indicating the most suitable or optimal alternative based on preferences and the weight of predetermined
criteria.

3.4 Implementations Result

The results of the implementation of the MAUT method provide clear insights into the performance of each salesperson
based on a thorough assessment of various criteria. After integrating the normalized data with the criteria weights, a final
utility score is calculated for each salesperson, resulting in a ranking that reflects their overall performance in important
aspects such as Monthly Sales, Customer Satisfaction, Presentation Skills, Product Knowledge, and Communication
Skills. The results of this implementation not only show the salesperson with the highest score, but also provide an
objective and structured base for strategic decision-making, assisting managers in selecting the best candidates by
comprehensively considering all aspects of evaluation. The results of the best salesperson ranking are shown in figure 2.

BEST SALESPERSON RANKING RESULTS

0.646

0.6125
0.6 7

0.5604

0.4975

e

0.3 0.2706  0.2703

2=,

0.0553

Sales 7 Sales3  Sales9 Sales1 Sales5 Sales2 Sales4 Sales 6  Sales 8

Figure 2. Best Salesperson Ranking Results
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Based on the final score calculated using the MAUT method, the salesperson rank from best to lowest is as follows:
Sales 7 is ranked top with a value of 0.646, indicating the best overall performance. Sales 3 followed in second place with
a value of 0.6125, followed by Sales 9 with a value of 0.5604 in third position. Sales 1 is ranked fourth with a value of
0.4975, while Sales 5 is in fifth position with a value of 0.3692. Sales 2 and Sales 4 are in sixth and seventh positions
with values of 0.2706 and 0.2703, respectively. Sales 6 is ranked eighth with a value of 0.1814, and Sales 8 is in last
position with a value of 0.0553. This ranking reflects the results of a thorough evaluation based on predetermined criteria,
providing a clear picture of the relative performance of each salesperson.

4. CONCLUSION

The study on Best Sales Selection Using a Combination of Reciprocal Rank Weighting Method and Multi-Attribute
Utility Theory aims to identify the best sales by integrating two key evaluation methods. The Reciprocal Rank Weighting
method is used to give weight to various criteria based on their relative rank, where the higher the rating criterion gets
more weight. Then, Multi-Attribute Utility Theory (MAUT) is applied to evaluate and compare alternatives based on the
weight of predetermined criteria, as well as the normalization score of each alternative. This approach allows for more
objective and structured decision-making, by measuring sales performance comprehensively and based on clear
preferences, resulting in more accurate recommendations for choosing the best salesperson. By combining the Reciprocal
Rank Weighting and Multi-Attribute Utility Theory methods, the study not only ensures that the criteria are weighted
fairly according to their relevance, but also that the evaluation is carried out systematically taking into account various
important attributes. Reciprocal Rank Weighting helps in prioritizing criteria based on relative rankings that reflect the
significance of each in the selection process. Meanwhile, MAUT integrates the criterion weights with the normalization
value to objectively calculate the total utility of each alternative. This approach results in an in-depth and comprehensive
analysis, allowing for sales selection that not only optimally meets the criteria but also reflects the organization's strategic
preferences. The result is more effective and impactful recommendations in sales selection, which can improve the
efficiency and performance outcomes of the sales team. Based on the final score calculated using the MAUT method, the
salesperson rank from best to lowest is as follows: Sales 7 is ranked top with a value of 0.646, indicating the best overall
performance. Sales 3 followed in second place with a value of 0.6125, followed by Sales 9 with a value of 0.5604 in third
position.

REFERENCES

[1] M. W. Arshad, S. Sumanto, and S. Setiawansyah, “Decision Support System Perspective Using Entropy and Multi-Attribute
Utility Theory in the Selection of the Best Division Head,” JURNAL MEDIA INFORMATIKA BUDIDARMA, vol. 8, no. 2, pp.
1109-1119, 2024, doi: 10.30865/mih.v8i2.7603.

[2] T H. Lubis, S. Esabella, M. Mesran, D. Desyanti, and D. M. Simanjuntak, “Penerapan Metode Multi Attribute Utility Theory
(MAUT) Dalam Pemilihan Karyawan yang di Non-Aktifkan di Masa Pandemi,” Jurnal Media Informatika Budidarma, vol. 6,
no. 2, pp. 969-978, 2022, doi: 10.30865/mih.v6i2.3909.

[31 M. N. D. Satria, S. Setiawansyah, and M. Mesran, “Combination of CRITIC Weighting Method and Multi-Attribute Utility
Theory in Network Vendor Selection,” Building of Informatics, Technology and Science (BITS), vol. 6, no. 1, pp. 188-197,
2024, doi: 10.47065/bits.v6i1.5342.

[4] A. Q. Maharani and T. Ardiansah, “Kombinasi Metode Multi-Attribute Utility Theory dan Pivot Pairwise Relative Criteria
Importance Assessment Dalam Penentuan Lulusan Terbaik,” JURNAL MEDIA INFORMATIKA BUDIDARMA, vol. 7, no. 4,
pp. 20742086, 2023, doi: 10.30865/mib.v7i4.6884.

[5] A. A.Kusuma, Z. M. Arini, U. Hasanah, M. Mesran, and M. Kom, “Analisa Penerapan Metode Multi Attribute Utility Theory
(MAUT) dengan Pembobotan Rank Order Centroid (ROC) Dalam Pemilihan Lokasi Strategis Coffeshop Milenial di Era New
Normal,” Jurnal Sistem Komputer dan Informatika (JSON), vol. 3, no. 2, pp. 51-59, 2021, doi: 10.30865/json.v3i2.3575.

[6] F. A. AlFaraidy, K. S. Teegala, and G. Dwivedi, “Selection of a sustainable structural floor system for an office building using
the analytic Hierarchy process and the multi-attribute utility theory,” Sustainability, vol. 15, no. 17, p. 13087, 2023, doi:
10.3390/su151713087.

[71 L. Azzopardi, J. Mackenzie, and A. Moffat, “ERR is not C/W/L: Exploring the relationship between expected reciprocal rank
and other metrics,” in Proceedings of the 2021 ACM SIGIR International Conference on Theory of Information Retrieval, 2021,
pp. 231-237. doi: 10.1145/3471158.3472239.

[8]  N.Nuroji, “Kombinasi Metode Pembobotan Rank Reciprocal dan Simple Additive Weighting Dalam Pemilihan Tempat Servis
Kendaraan,” CHAIN: Journal of Computer Technology, Computer Engineering, and Informatics, vol. 2, no. 2, pp. 88-97, 2024,
doi: 10.58602/chain.v2i2.117.

[9] S. Kumar, A. Sinha, S. Jana, R. Mishra, and S. R. Singh, “Jack-flood at SemEval-2023 Task 5: Hierarchical Encoding and
Reciprocal Rank Fusion-Based System for Spoiler Classification and Generation,” in Proceedings of the 17th International
Workshop on Semantic Evaluation (SemEval-2023), 2023, pp. 1906-1915. doi: 10.18653/v1/2023.semeval-1.262.

[10] X. Lu, J. Wu, and J. Yuan, “Optimizing Reciprocal Rank with Bayesian Average for improved Next Item Recommendation,”
in Proceedings of the 46th International ACM SIGIR Conference on Research and Development in Information Retrieval, 2023,
pp. 2236-2240. doi: 10.1145/3539618.3592033.

[11] S. H. Hadad, “Metode Simple Multi-Attribute Rating Technique (SMART) dan Rank Reciprocal (RR) dalam Penentuan
Penerima Beasiswa,” Journal of Data Science and Information Systems, vol. 2, no. 1, pp. 18-28, 2024, doi:
10.58602/dimis.v2i1.99.

Copyright © 2024 Pritasari Palupiningsih, Page 249


https://doi.org/10.47065/comforch.v3i3.1496

[12]

[13]

[14]

[15]

[16]

[17]

[18]

Journal of Computing and Informatics Research
ISSN 2808-375X (Media Online)

Vol 4, No 3, July 2024

Hal 242-250

DOI 10.47065/comforch.v3i3.1496

S. Edinsel, “SALES MANAGER SELECTION WITH MULTI CRITERIA DECISION MAKING METHODS,” Giresun
Universitesi Iktisadi ve Idari Bilimler Dergisi, vol. 9, no. 1, pp. 210-228, 2023, doi: 10.46849/guiibd.1267171.

S. H. Hadad, A. R. Metha, S. Setiawansyah, and H. Sulistiani, “Evaluation of Salesperson Performance in the Sales Allowance
Decision Support System Using the MARCOS and PIPRECIA Methods,” Journal of Computer System and Informatics (JoSYC),
vol. 5, no. 2, pp. 477-486, 2024, doi: 10.47065/josyc.v5i2.4863.

M. Azmi, D. Satria, F. R. Mulya, Y. Sonatha, and D. S. Putra, “A Web-based Group Decision Support System for Retail Product
Sales a Case Study on Padang, Indonesia,” JOIV: International Journal on Informatics Visualization, vol. 7, no. 3, pp. 742-748,
2023, doi: 10.30630/joiv.7.3.1331.

D. E. Setyowati, B. A. Nugroho, and R. Widyastuti, “Implementasi Metode Moora Untuk Sistem Pendukung Keputusan
Pemilihan Sales Terbaik Pada PD Anugrah Abadi Baru,” Jurnal Informatika dan Multimedia, vol. 15, no. 2, pp. 25-33, 2023,
doi: 10.33795/jtim.v15i2.4795.

H. Sulistiani, P. Palupiningsih, F. Hamidy, P. L. Sari, and Y. Khairunnisa, “Employee Performance Evaluation Using Multi-
Attribute Utility Theory (MAUT) with PIPRECIA-S Weighting: A Case Study in Education Institution,” in 2023 International
Conference on Informatics, Multimedia, Cyber and Informations System (ICIMCIS), IEEE, 2023, pp. 369-373. doi:
10.1109/ICIMCI1S60089.2023.10349017.

A. A. Aldino, P. Palupiningsih, G. F. Laxmi, E. D. Mega, and I. Septiana, “Determining Best Graduates Using TOPSIS with
Surrogate Weighting Procedures Approach,” in 2023 International Conference on Networking, Electrical Engineering,
Computer Science, and Technology (IConNECT), IEEE, 2023, pp. 60-64. doi: 10.1109/IConNECT56593.2023.10327119.

U. Akpan and R. Morimoto, “An application of Multi-Attribute Utility Theory (MAUT) to the prioritization of rural roads to
improve rural accessibility in Nigeria,” Socioecon Plann Sci, vol. 82, p. 101256, 2022, doi: 10.1016/j.seps.2022.101256.

Copyright © 2024 Pritasari Palupiningsih, Page 250


https://doi.org/10.47065/comforch.v3i3.1496

